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Abstract: This study delves into the intricate relationship between online news sentiment and the trading
intensity of various types of investors, while empirically investigating the divergent trading behaviors
exhibited by these investor groups. To gauge the trading intensity of each investor, the study employs
the net purchase price as a proxy variable, which serves as the dependent variable. As the independent
variable, the study leverages the emotional content of online news articles. The research methodology
encompasses a thorough preprocessing phase for the text data extracted from online news sources in the
Korean language. This preprocessing stage is pivotal in ensuring the data's quality and consistency.
Subsequently, the study utilizes KB-BERT, a state-of-the-art pre-trained model, to extract sentiment or
sensibility from the online news articles. This advanced natural language processing technique enables
a nuanced understanding of the emotional content, providing valuable insights into the affective
dimension of the news. The findings of this research substantiate that individual investors are more
susceptible to the emotional sway of online news than institutional investors and foreign investors. This
empirical evidence reinforces existing research outcomes that highlight the irrational behaviors often
exhibited by individual investors in response to emotional stimuli from news sources. In essence, the
study underscores the pivotal role of online news sentiment in shaping investor decision-making
processes and market dynamics, shedding light on the nuanced interplay between information, emotions,
and financial markets. These insights contribute to a deeper understanding of market behavior and can
inform strategies for more informed and rational investing.
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[Table 1] Data Description

Division Variable Description Variable Name
Online Emotional Score Sentiment
Unemployment rate unemployment rate
Economy Indicator
10-year KTB gbl0
Volatility Index Vix
Technical Indicator
Customer Deposit customer deposit
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[Table 2] Descriptive Statistics
Category Variable Mean Standard Deviation Min Max
Institutional Net 47,184 412,725 43,743,204 1,518,870
Buying
Net Purchase |Foreign Net Buying -65,145 381,572 -2,817,359 1,706,880
Individual Net 105,569 589,187 -1,997,574 4,492,145
Purchases
Unemployment rate -47184 412725 -3743204 1518870
Economic
Indicator
10-year KTB 2440.09 430.15 1457.64 3305.21
Volatility Index 108.54 8.01 95.01 130.92
Technical
Indicator
Customer Deposit 102,180,494 61,681,260 107,122 166,667,690
Emotional Score Sentiment -0.01 0.10 -0.48 0.49
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[Table 3] Regression Analysis Results for Institutional Investors

Variable Institutional Investors
sentiment 593,800(5.681)***
customer deposit -0.3572(-5.782)***
unemployment rate -39,680(-2.678)***
VIX -1,912.587(1.125)
gbl0 110,000(5.045)***
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[Table 4] Results of Regression Analysis on Foreign Investors

Variable Foreign Investors
sentiment 679,700(7.252)***
customer deposit -0.011(-0.011)
unemployment rate 62,300(4.689)***
VIX -14,720(-9.958)***
gbl0 -5,805.14(-0.297)
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[Table 5] Individual Investor Regression Analysis Results
Variable Individual investor
sentiment -1,286,000(-8.904 )***
customer deposit 0.411(4.813)***
unemployment rate -14,420(-0.704)

VIX 11,310(4.817)%**

gb10 -118,000(-3.913 )***
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[Table 6] Regression Analysis Results for Each Investor Type

Variable Institutional Investors Foreign Investors Individual investor
sentiment 60,570(5.681)*** 69,550(7.252)*** -131,400(-8.904 ***
customer deposit -85,210(-5.782)*** -7,808(-0.011) 102,400(4.813)***
unemployment rate -70,010(-2.678)*** 24,470(4.689)*** -54,250(-0.704)
VIX -1,157(-1.125) -116,000(-9.958)*** 107,100(4.817)***
gbl0 4,285(5.045)*** -14,420(-0.297) -7,769(-3.913)***

T 2Rl Farh Z13EARe Fulgs digel] vAE S gRlEky] fek 37w Anolt). 3RS
T3l ol 9] At WEAeo R AEE 3]FATlAL, BE Qo ghd - gho]ar, sk ok w2 Z}zh
1%, 5%, 10% 212t SAA e stet.

5. 48

A& KOSPL A1 4elA A4 gede AAAE, /&4 A®, &9l o
of BEg FAaAL olF S FANE s dEe THARR AL
e edel e 4, BANSER AAAE 1Ed ARs Agan 2
& FAAE el wAE e AolE: AZAAT. AMAFAA] Ev)et
U At gEge A, BoATNE 2 wae 74w
Skl JFL AFHAN7. DA Tl WEW FAAGe] A5 AYGue
g o, JRIEAAe] As 1@ 9% FAAuT O 2 e et
l, & =Ee) A7ARE B AATAAT A% Auel § 2 dFe 0Ee
SlThis). 1ol ATelA e ALFEAAE wo|ZEAAR Aelagd #
Aogld AR dRA AFE st ArdRE: AEEAG w

A
& ARV RE FESe] wol kel FHEA o] ol

o I
xo gz o
i o 2
~N
HIX?L' 0
001' (r
o
9
rfo
k)
‘0,
c

1o
rfo
py

-

W J

Ir

o

2

I,
> |0 op

SFATAA, S HEAA, A v %]
stol AAFAAS )@, 91T FAAe] wug el Lekel vk

o% M 0 my oML R odoao oy X 4 Q3R 0% B T AT o o rfT

Mo 2 N o 1o O N {0 fr 1 1% 0 2
o

M o o oo ol I b HE ool o > @ do Ok of M)y 2l i of

o] B.A
LSS | L

VF= AT Btk & A7 AFA UdEs d83e HeHE
ARE s BES T dolstss i, #adt deolHe v HFW
debd 4 ok EAAAE s, ej=la VIR A, T
HgHes s Lov, MAFAAE 44, FAA AGue del B
Btz Aol JEFS AT o= 719 ATelA Fld A FAA]
F adE 2l wae e T AT otk JRlFAA: e AEE

Copyright © 2023 KCTRS 233



An Investigation into the Impact of Pretrained Language Models on Online News Sentiment and its Influence on Investor-
Specific Trading Intensity

ngow olgmon Adss sl ohd FARG Auu ANEe] Aol ofEshs
ol AdE s Ao ANT F Atk AATAAY HFo] FrsL, ofE
Hlol A Ades Age] A, MEed BAS FHI0L olg e BANAL 99
AQAEAR ] A olslats o] Aadsloler @k o]F 8 X AT
AVEAAL Frheel Eefql ek vAL gRE pAdged, oE 5
AQAEAT ) A E FAT 5 Qe )2 ATE ATL 5 AL Aow A

References

[1] B. C. Go, J. Kim, Who Drive the Rise and Fall of the Bubbles in Korean Stock Market?, Journal of Derivatives and
Quantitative Studies, (2017), Vol.25, No.4, pp.591-622.

[2] C. H. Ahn, C. Y. Choi, The Empirical Study of Variation of KOSPI Index & Macro Economic Variation, International
Commerce and Information Review, (2010), Vol.12, No.4, pp.171-192.
DOI: https://doi.org/10.15798/kaici.12.4.201012.171

[3] S. J. Kim, The Macroeconomic Influence on Hospitality Firms’ Stock Returns, Korean Journal of Hospitality and
Tourism, (2012), Vol.21, No.6, pp.309-327.
UCT: G704-001024.2012.21.6.014

[4] M. H. Gu, Y. S. Lee, A Study on the Relationship between Investor Groups and Stock Prices, The Korean Journal of
Financial Management, (2001), Vol.18, No.1, pp.43-66.

[5]S. K. Kim, Y. T. Byeon, The Relation between Net Purchase of Foreign and Institution Investors and Expected Returns
in the Korea Stock Market, Management & Information Systems Review, (2011), Vol.30, No.4, pp.23-44.
DOI: https://doi.org/10.29214/damis.2011.30.4.002

[6] D. J. Ryu, D. W. Ryu, H. J. Yang, The impact of net buying pressure on index options prices, The Journal of Futures
Markets, (2021), Vol.41, No.1, pp.27-45.
DOI: https://doi.org/10.1002/fut.22158

[7]N. P. B. Bollen, R. E. Whaley, Does Net Buying Pressure Affect the Shape of Implied Volatility Functions?, The Journal
of FINANCE, (2004), Vol.59, No.2, pp.711-753.
DOI: https://doi.org/10.1111/j.1540-6261.2004.00647 .x

[8]J. S. Lee, H. S. Cho, K. I. Chung, J. S. Park, Feature Selection for Stock forecasting using Multivariate Convolution
Neural Network, 2020 International Conference on Information and Communication Technology Convergence (ICTC),
(2020)

DOI: https://doi.org/10.1109/ICTC49870.2020.9289492

[9] K. S. Kim, J. W. Park, Informativeness of Analyst Report and Information Asymmetry among Investor Types, Korean
Journal of Financial Studies, (2012), Vol.41, No.4, pp.547-588.
UCI: G704-SER000000670.2012.41.4.003

[10] M. C. Woo, W. B. Lee, The Behavior and Performance of Mobile Traders on the Korea Stock Market, Korean Journal
of Financial Studies, (2013), Vol.42, No.1, pp.133-161.
UCI: G704-SER000000670.2013.42.1.011

[11]Y. H. Jeon, H. Choi, Price-Based Return Comovements and Individual Investor Trading: Evidence from Stock Splits
in the Korean Stock Market, Korean Journal of Financial Studies, (2013), Vol.42, No.2, pp.473-420.
UCI: G704-SER000000670.2013.42.2.001

[12] S. H. Yoon, H. Choi, Choice of Market versus Limit Orders by Foreign Investors in the Korean Stock Market, Korean
Journal of Financial Studies, (2014), Vol.43, No.3, pp.461-497.
UCI: G704-SER000000670.2014.43.3.004

[13] D. Y. Kim, Y. I. Lee, News based Stock Market Sentiment Lexicon Acquisition Using Word2Vec, The Korea Journal

234 Copyright © 2023 KCTRS



An Investigation into the Impact of Pretrained Language Models on Online News Sentiment and its Influence on Investor-
Specific Trading Intensity

of BigData, (2018), Vol.3, No.1, pp.13-20.
DOTI: https://doi.org/10.36498/kbigdt.2018.3.1.13

[14] H. J. Kim, J. H. Im, H. Y. Lee, S. Lee, Development of Economic Sentiment Index Using Online News Articles,
National Accounts Review, (2019), Vol.2.

[15]Y. S. Kim, S. G. Hong, H. J. Kang, S. R. Jung, Electronic-Composit Consumer Sentiment Index(CCSI) development
by Social Bigdata Analysis, Journal of Internet Computing and Services, (2017), Vol.18, No.4, pp.121-131.
DOI: 10.7472/jksii.2017.18.4.121

[16] T. Sidogi, R. Mbuvha, T. Marwal, Stock Price Prediction Using Sentiment Analysis, In 2021 IEEE International
Conference on Systems, Man, and Cybernetics, (2021)
DOI: https://doi.org/10.1109/SMC52423.2021.9659283

[17] Z. Liu, D. Huang, K. Huang, Z. Li, J. Zhao, FinBERT: A Pre-trained Financial Language Representation Model for
Financial Text Mining, Proceedings of the Twenty-Ninth International Joint Conference on Artificial Intelligence
Special Track on Al in FinTech, pp.4513-4519, (2021)

DOI: https://doi.org/10.24963/ijcai.2020/622

[18] E. A. Jang, H. R. Choi, H. C. Lee, Stock prediction using combination of BERT sentiment Analysis and Macro
economy index, Journal of the Korea Society of Computer and Information, (2020), Vol.25, No.5 pp.47-56.
DOI: https://doi.org/10.9708/jksci.2020.25.05.047

Copyright © 2023 KCTRS 235



